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Problem Definition: Pipeline of the proposed LDA based approach: Experiments:

* Given a handful of images as positive examples for the class of interest,

how do | build a classifier without any labeled negative training data? * Quantitative Scene Classification results on SUN-Scene database
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 Different viewpoints of an object have different appearances in HOG
space, and are modeled using different templates.

« Each template is built using viewpoint specific foreground images and
a common background model

_ Outputs of different mixtures
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